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Pre-Sales Manager D/A/CH
Mobile: +49 170 8090220
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MEHR TECHNOLOGIE




MEHR TECHNOLOGIE
MEHR KOMFORT
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INVENTORY MERCHANDISE COMPARE EXPERIENCE LAND ROVER OUR STORY ACCESSIBILITY

BUILD AND OFFERS AND CERTIFIED PRE- OWNE
PRICE FINANCE OWNED
HOW-TO VIDEOS & MAMNUALS WARRANTY & SERVICE INCONTROL

Land Rover InControl® Package
Terms and Conditions

Do not use or permit any other person to use, the package in any unlawful
manner, for any unlawful purpose, or in any manner inconsistent with these
Terms, or act fraudulently or maliciously, for example, by hacking into or
inserting malicious code, including viruses, or harmful data, into the

Land Rover InControl website or any operating system;



“The Fate of The Furious, 2017
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06
PATHTC BHUMakKe Ha NepesHee neBoe Koeco.

J1
100a% noneiTka 0CBOGOMTE Koneco npUBEAET K

Me
NAHUICCKOMY MOBpesX 1eHHIO KONECHOro AHCKa u(uam)
EMEHTOB NOBECKH.

llpoury npowenns 3a TO, 4TO OTHUMaO Bauie Bpems, €10 B
TOM, 970 5 ABASAOCH Brasienbiem HeGOABIION CTPOHTENLHOMH
Opranusanueii. Mou sakasuuku MeHs «KHHYJIH» B pesybTaTe
Hero Mue H006X0}1HMO JIHKBHIMPOBATH 3a[I0JDKEHHOCTD nepen
pabounmu u 3a apenay TeXHuKH. MHe npunuiocs Beibpars 3107
MEp3KHii Cnocob pemenus MouX GUHAHCOBLIX TPOOIEM T.K.
APYroro BapHaHTa y MEHS HET.

Ilpeanaraio Bam kynuts ko 3a 15.000p. ensru npoury
nepepecty Ha Qiwi komenék +7 911 758 04 65 u coobumurs 0
nepequncnenun na somep Viber +7 911 758 04 65 B cpoio
ogepens 5 0043y10ck cooOwuTL Bam MECTOHAXOKACHHS KIIOYA.
Ecau y Bac ecth BO3MOKHOCTE NIEPEBECTH CYyMMY

npegslmaxomylo BBIICHIIOMKECHHYTO, TO 5 6y11y BECbMa
npU3HaTeneH Bawm 3a s70.

He B koeM ciyyae ve ororpadupyiite U He BHIKIAALIBANTE B
MHTEPHET 3TO NKHCHMO, CAMA UEA YHHKAILHA H eil-MOoTyT
BOCHOJ/1b30BATHCA MOIICHHHKH.

Cracu60 3a nosumauu-
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Account-Pflicht fiir jeden Bundesbiirger!
Positives Rating fiir gutes, deutsches Verhalten
Positives Rating fiir gute, deutsche Freunde
Negatives Rating fir undeutsches Verhalten
Negatives Rating fiir das Anschauen von Pornografie
Negatives Rating fiir Strafzettel
Negatives Rating fiir das Vergessen den Mill zu trennen
Negatives Rating wenn die Eltern nicht regelmalig besucht werden

—
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Strafen fiir schlechtes Rating
- Langsames Internet
- Flug / Zug-Verbot
- Verbot eine Immobilie zu kaufen
- Verbot ein Auto zu kaufen
Verbot in Urlaub zu fahren
Kinder dirfen nicht auf Privatschulen gehen

Account-Pflicht fiir jeden Bundesbiirger!
Positives Rating fiir gutes, deutsches Verhalten
Positives Rating fiir gute, deutsche Freunde
Negatives Rating fir undeutsches Verhalten
Negatives Rating fiir das Anschauen von Pornografie
Negatives Rating fiir Strafzettel
Negatives Rating fiir das Vergessen den Mill zu trennen
Negatives Rating wenn die Eltern nicht regelmalig besucht werden
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BESSERE

ENTSCHEIDUNGEN
TREFFEN




DIE GEFAHREN

GEHEIMDIENSTE

ZIELGERICHTETE
ANGRIFFE

ERWEITERTE
ANGRIFFE

S RGRGROEEEEEEEEEEREREREREE >
ANZAHL

________________________________________________________>

SCHADEN

UNBEKANNTE O-DAY
TOOLS UND TECHNIKEN
SYSTEM TOOLS
TARGETED PHISHING
CUSTOM MALWARE

FILELESS
ZERO-DAY
PHISHING
EXPLOITS

BULK MALWARE
SPAM

ONLINE SCAMS
RANSOMWARE
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DIE GEFAHREN

N\
i SYSTEM TOOLS
ZIELGERICHTETE i TARGETED PHISHING
ARGRIEEE 5 CUSTOM MALWARE
FILELESS
ERWEITERTE i ZERO-DAY
ANGRIFFE i PHISHING
i EXPLOITS
mm >
ANZAHL SCHADEN
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DIE GEFAHREN

ZIELGERICHTETE

MAXIMALER ANGRIFFE
SCHADEN
ERWEITERTE
ANGRIFFE
S RGRGROEEEEEEEEEEREREREREE >

ANZAHL

SCHADEN

SYSTEM TOOLS
TARGETED PHISHING
CUSTOM MALWARE

FILELESS
ZERO-DAY
PHISHING
EXPLOITS
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PROBLEM FUR FIRMEN?

ATTACK PAYLOADS

Advanced/ 43%

. EXECUTABLE ALICIOUS
fileless attacks FILES BEHAVIOR

More information can be found in the report “Attack Landscape H12017", F-Secure

Mangel an Gartner Report Says Shadow [T

{ibersicht Will Result in 1/3 of Security

Breaches
Fehlendes Examine the numbers and today’s much publicised cyber security-skills gap starts to look
more like a chasm. Frost & Sullivan predicts a shortfall of 1.5 million IT security professionals by
Know How 2020, while one in four organisations already face a “problematic shortage” of cyber talent.
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IM DURCHSCHNITT DAUERT

ES 100+ TAGE UM AUF EINEN

DATA BREACH ZU
REAGIEREN




PARADIGMENWECHSEL




Post-Compromise
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100+ TAGE?
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RAPID DETECTION & RESPONSE SERVICE:
COMBINING MAN & MACHINE
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RAPID DETECTION & RESPONSE SERVICE:
COMBINING MAN & MACHINE

e / YOUR ORGANIZATION \ / CLOUD-BASED Al/ML \

ANALYTICS PLATFORM

Attacker ? Network -
E . Q Sesn: - ¥ Decoy - : @ ---------

=)

-

! o Sensor E s '
¢--loT s =3 —
@ ..... <_:)_; - == 35
Router | Real-time

: 5 : behavior Bigdata Reputational

Internet 4 /,' % \ analytics analytics  analytics )
Windows Mac Linux

k Sensors Sensors Sensoly

|
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Milestones

KEINE PANIK!

(AUSSE SIE SIND IM SALES)

Years from 2016
0 25 50 75 100 125 150 175

-
-
-

290

Full Automation of Labor | Py
(All Human Jobs)

Al Researcher 1 @

High Level Machine Intelligence |
(All Human Tasks)

Math Research 4 2

Surgeon A L 4

Putnam Math Competition - L 4

Write New York Times Best-Seller < @
Retail Salesperson - ——
Go (Same Training as Human) = ——
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ENTSCHEIDUNGSGRENZE

Width
224 salmon sea bass
21} .
- -

20t e " o
19 *

- - .
18}
l— -

-
16 .
15
14 » Lightness

2 4 e 8 10

https://mhesham.wordpress.com/tag/decision-boundary/
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OVERFITTING

Underfitting

high biais
( gA )

Cost J(O)

J(:r()xwv;lhd;ih(m(e)

Overfitting
(high variance)

we)
o

d

Optimal value for d

4Values . 4Values AValues A
.58l B @000 s >4 ”~ 0 0
.. . e g i " 4 . ’.' ’ o . .
e P s ; A o Ty Y
e \ 4 e i I T
o gt % G .‘ b Loeoe TR
...... e * e . % '. .. Fe - 0 . d
i R S e b B A -4
— 3
Time Time
Overfitted

https://medium.com/greyatom/what-is-underfitting-and-overfitting-in-machine-learning-and-how-to-deal-with-it-6803a989c76
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Definition: A linear vector space, X is a set of clements (vectors) defined over a

scalwr fickd, F. that satesfies the followmng conditions:

Dif g€ Xandy € Xthen py€X. 2) xoy=yox 3) ryremgefed

4 There is 2 unique vector 0€ X, such that x + 0« x for all x€ X

%) For exch vector € Xthere is 2 unique vector in X. 1o be called () such that

x+€g)=0 6) multiplication, for all scalars a € ¥, and all vectors £€ X,

7) Forany x€.¥. 1 x=rx (for scalar 1)

%) For my two scalars 8 € F andb € Fand sy € X, a(by = (a )x

M@ brraxtbe Walxey ~axtay
Consider n vectors (x ., X 5. X, ) I there

conts n salars @, @, &, o least ane of which is noazero, such that

20 2% .+ ax, = 0, then the {x, ) are lincarly dependent

Spanning a Space:
Lt Xbe & lincar vector space and let {1, s .., by ] be 8 sibset of vectors in X
This subset spans X if und only if for every vector x € X there exist scalars x;
X S T X = XS ¥l
Inner Product: (x.y) for any scalar function of x and y
Lixy) = (y.x) 2 (xay, +by)=a (xy,) +bixy;)
3.(xx) 20, where equality holds ifYx is the zero vector

; Ascalar function Ix1l is called a norm if it satisfies

1 izl >0 2. Jixfl = 0 ifand only if x = 0.

3 faxl = lalixl 4 0x+yl < lxd+ 0yl
Angle:The angle § bet. 2 vectors x and y is defined by cos § = (230

Orthogonality: 2 vectors x y € X are suidto be orthogonal if (x.y) = 0.

Assume that we have n independent vectors .y ...y, . From

these vectors we will obtain » orthogonal vectors v, v, .., v,.
=

(Vi) -

0

V=Y W=V
=

where %v, is the projection of y, on v
i

Vector Expansi

x= Zx,v, EE TR 7L R A o N TR

=
(v, x)

for orthogonal vectors,x; =
Ll ;| (X))

Red is Vectors:
#
(nw)= 1 :=: . =)
To compute the reciprocal basis vectors: set B= [vy v ... v, ],
R-[n .. 5], R"=B"' Inmatrix form: x* = B~' x*

Perceptron Architecture:
a = hardlim(Wp +b), W = [ ,w’ ,w' _ A
a, = hardlim(n,) = hardlim( ,w” p +b)
i W p+h=0
“The decision boundary s always orthogonal to the weight vector
Single-layer perceptrons can only classify lincarly separable vectors.

W = Wold 4 qpT ,b™ = b4 4 o,
where e =t — a

efficiency. as o of the cells firing B, is

Linear Associator; a = purelin(Wp)
The Hebb Rule: Supervised Form: W™ =
W= ,P] 4 6,P] 4+ 4y P}y

»
T
W=t ..tq] | P2
vl
W= TP*

columns,Q, of P and the columns of P are independen, then
pseudoinverse can be computed by P* = (PTP)~'PT

Filtered Learningo wo: W™ = (1 y)W*“ + at,p}

Delta Rulecnio:  W'™ = w™ 4 a(l'—a')p:
ow T

Unsupervised Hebb cn13: W™ = W™ 4 aa p)

Wnnaa’aﬂAn"m'wnncl

(ulu-dnpueayum-unyute-p-n-m

process or metabolic change yll(:llmcwh‘ulh-ﬁMA\
increased ©

Iransformations:

A transformation consists of three parts:

domain: X' = { x, }, range: ¥ = { y, }, and a rule relating each x, €
X toanclement y, €Y.

Lincar Transformations: transformation A is linear if:

1. for all x,, x, € X, AGr, +3,) = A(x,) + A(x;)

2. forall x € X, € R, A(ax) = aA(x)

Matrix Representations:

Let (¥, ¥y, -, ¥ ) be & basis for vector space X, and let (uy, 4y, ..., ty)
be a basis for vector space F. IA A be a lincar transformation with
domain.X and range Y- A(x) =

The of the mdnn are obtained from

ao) =3 agm

f
Change of Basis: B, = [t, t; ..t,], B, =[w; w; .w,]
A =(B,'AB,]

pAz =)z, |[A =Ml =0

Diagonalization: B = [z, 7, ..7,] .
where{2, 2,. ..., 2,} are the eigenvectors of a square matrix A,

[B'AB) = diag([\, A, .. A])

Taylor:F(x) = F(x*) + VF(X)" |yex- (x=X") +
3 (X=X F )T e (X = X7) o

Grad PFG) = [2FG) -F 00 . 5=

ﬂm;’l.lmsz(X) =
_F(") Jndn T B~
—_F(x) h—’,F(x)

ox,a:,

F(x) .;.." -F(x)

dx. ox,

poFX)
L= Dir.Der.: = i_le.h;.

Minima:

Strong Mininngn; if a scalar § > Oexists, such that
I"m <F{x+ Ax) for all Ax such that § > ||Ax|| > 0.

(i Fx) <Fix+ Ax) for all Ax # 0
Weak Minmam: if it is not a strong minimum, and a
scalar § > Oexists, such that Fx) <Ffx+ Ax) for all Ax

such that § > ||Ax|| > 0.

LZ-Order Condition: VF(X)|yux = ommm.v Points)
V2F(X)|guxe 2 0 (Positive Semi-

2-Order Condition:
definite Hessian Matrix).

Quadratic fn.: F(x) = 11:"A x+d"x + c
VF(x) = Ax + d, V*F(x) = A, dpuin S

General Minimization Algorithm:
Xisy =X + @GPy or BXp = (Xpyy —Xp) = GPp
Steepest Descent Algorithm:

Xgay = X — OB where, g; = VF(x)|x.x,

i - —
Stable Learning Rate: (o, = @, constant) a < 7~
{4, 4;, ..., A,} Eigenvalues of Hessian matrix A
Learning Rate to Minimize Along the Line:

is Ty

Xiar = X + Py = 0 = —;ﬁ (For quadratic fn.)
After Minimization Along the Line:
Xpoy = Xz + @ = gl = ()

AIZALLLI = purelin(Wp + b)

3 (for ADALINE it is a quadratic fn.)
F(x) Ele?] = E[(t —a)*] = E[(t - x"2)*]
F(x)=c~2x"h+x"Rx,

c=E[t?), h=FE[tz] and R= E[zzT] = A « 2R, d = -2n

Unique minimum, if it exists, is X" = R 'h,
where x-[‘:] md:-[l;l
: Wk + 1) = W(k) + 2ae(k) p” (k)
b(k + 1) = b(k) + 2a e(k)

Convergence Point; X =R™'h

Stable Learning Rate: 0 < a < 1/4,4, where
Apayx '8 the maximum cigenvalue of R
Adaptive Filter ADALINE:

a(k) = purelin(Wp(k) + b) = Z woy(k—i+1)+b

O Vv, .
mmmnwdmymmnn_--
been presented. The gradients calculsted for each training exampl
wwmm.mm-mdummu
training set is complete, ie. covers all possible inputioutput pairs, then the
gradient estimate will be exact )

AW™ (k) = yAW™(k — 1) — (1 - y)as™ (@™ )"
Ab™(k) = yAb™(k — 1) — (1 — y)a s™

1. 1f the squarcd ermor (over the cntire training set) increases by mere than
some set percentage { (iypically one to five percent) after & weight update,
then the weight update is discarded, the leaming rate is mukiplied by some
factor p < 1, and the momentum coefficient y (1f it is used) is set to zero.
2,1f the squared armor decreases after 3 weight update, then the weight update
i nccepted and the leaming rate is multiphied by some factor i > 1. If y has
he-l;lnmlymmrun Wi reset 1o s orgmal vahue

y less than £, th
mdummmmuummﬂk—-nw

ax. Oxn

Performance Index:
Mean Square error: F(x) = E[eTe| = E[(t—a)T(t—a)|
Approximate Performance Index: (single sample)
F(x) = " (k)e(k) = (I(k) a(k))r(l(k) = '(k))r

" m .5
Sensitivity: s™ = ['.. wF s
Forward Propagation: a° =p,
amtl = (ReI(WRHigm gy for i = 0,

a=a¥

Backward Propagation: s™=2F"(n")(t - a) ,
s™ = P (0™ ) (W™1)Ts™4 1 form < M —1,..,21 ,where
Fn(nm) = diag([f™(n) f"F) .. f(nd)D
o) - L)

W"(k +1)= W"‘(k) as™(a™ ')I

b™(k + 1) = b™(k) — as™

Association: a = hardlim(WP® + Wp + b)

An assockation s & link between the inputs and outpats of a etwork o that

when a timubis A is presented to the network. it will cutput 2 response B.
)

W(g) = W(g - 1) +aa(q)p’ (q)

W(q) = (1-7)W(g—1) +aa(q)p'(q)
Instar:a = hardlim(Wp + b), a = hardlim( ;w"p + b)
The instar is activated for ,w'p = || ;w]|lipllcosé = -b
where 6 is the angle between pand w.

Instar Rule:
wi(g) = wlg—1)+aalq)plg) - wig—1)
W@ =0-a) wig-1D+ap(@.if (a(@=1)

wig)= wlg-1)+a(ple)- wlg—1) frieX@
Qutstar Rule: a = satlins(Wp)

w (@) =wg—1)+a (a@-wa—1)p,@

M-1

Competitive Laver: a = compet(Wp) = compet(n)

ew(@) = ow(g— 1) +a (plg) - -w(g— 1)
={1-a)wlg-1)+aplq)
W(Q) = (W(q—1), [ % [" where is the wiming neuron

W)= wiqg—1+a(pl@)— wig-1)
=@-a) wlg=1+ap(q), [ €Np-(d)
N(@) = {j.dy; < d)

LVO Network: (wf, = 1) = subclass ( is a part of class k
n} = —|| w'-p||.a' = compet(n'), a* = W?a'
LVQ Network Learning with the Kohonen Rule:
W (g = wi(g-1+a (p(q) - owiqg— I)),
faj =ty =1
W' (@) = W' (g1 -a (p@) - cw'(q- 1),
faj-=1#t=0

Source: https: //becom\r‘
networks-r

0 m<0 T ned w0
hardtom:a < {7 220 mauu..{” "?o’mﬂla.n Logsigia = po-uu..[: 4
neuron with max n ¢ ]
u-,u---[o - . sattin:a = |n l-):;fx,uﬂtna- n -_l.?x"‘

Delay. a(t) = u(t - 1), Integrator: a(t) = |} u()dr + a(0)

100
dma(ll"l)*lo 2 n|
0.0 3

- 0

ai/cheat-sheets-for-ai-neural
g-deep-learning-big-data-
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Einfiigen
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MANAGED SECURITY
PORTFOLIO

GATEWAY

CONSULTATION AND 54 PROTECTION
ASSESSMENT SERVICES
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VULNERABILITY
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